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s £ E % % 2z 8 = E’ 2 % » £ Z % § 8 £ § . Benchmark Self-Attention Cross-Attention Domain-aware Attention
Methods <mmmmmUUUUHDI§mmmmthAP
UaDAN [17] 350 737 410 244 213 698 535 2.3 342 612 310 295 479 636 622 613 139 7.6 480 239 402  Cross-Weather 4.8 93.5 57.5
TFD [54]  27.9 64.8 284 295 257 642 477 135 475 509 508 213 339 602 656 42.5 151 40.5 455 486 412 Cross-FoV 61.9 63.5 67.1
FGRR[I] 308 521 35.1 324 422 62.8 426 214 428 586 335 208 372 814 662 503 215 293 582 470 433 Sim-to-Real 62.3 63.7 66.8
UMT [6]  39.6 59.1 324 350 45.1 619 484 7.5 460 67.6 214 295 482 759 70.5 567 259 289 39.4 436 44.1 Cross-Style 431 459 47.9

SIGMA [29]  40.1 554 374 31.1 549 543 466 23.0 447 656 230 220 42.8 556 672 552 329 40.8 450 586 445
ATMT [27]  37.5 63.4 37.9 29.8 45.1 62.7 412 19.5 437 574 229 253 396 87.1 709 50.6 29.1 322 584 50.5 452 . . . . .
CIGAR [36]  35.2 55.0 392 30.7 60.1 58.1 469 31.8 47.0 61.0 21.8 26.7 446 524 685 544 313 388 565 63.5 462 Inter-domain Attention L4, Intra-domain Attention mAP Gains
TIA [64] 422 66.0 369 373 437 718 497 182 449 589 182 29.1 40.7 87.8 674 497 274 278 57.1 50.6 463

SIGMA++[30] 363 54.6 40.1 31.6 58.0 60.4 462 33.6 444 662 257 253 444 588 64.8 554 362 38.6 54.1 593 46.7 526 -
CMT[51]  39.8 563 387 39.7 604 350 560 7.1 60.1 604 358 28.1 67.8 845 80.1 555 20.3 32.8 423 382 47.0 v 549 +23
RegionCLIP [65] 38.1 704 488 373 448 558 435 144 482 478 143 183 583 784 679 222 30.1 169 484 502 427 v v 55.8 +0.9
SEEN-DA(Ours) 44.1 734 547 471 45.1 76.0 51.6 204 51.7 53.0 185 17.3 61.8 86.8 722 228 377 21.1 589 527 479 v v v 575 +1.7
C—F K—C S—C - 57.2 o - - >73
Methods Venue Person Rider Car Truck Bus Train Motor Bicycle mAP mAP mAP -
DA-Faster [3] CVPR 2018 292 404 434 197 383 285 237 327 320 419 382 g £ 54.9
VDD [59] ICCV 2021 334 440 517 339 520 347 342 368 400 - - < 55.1 <
SCAN [28] AAAT 2022 417 439 573 287 486 487 310 373 421 458 526 _ |
TIA [64] CVPR 2022 521  38.1 497 377 348 463 486  31.1 423 440 ; _ 52,6
LRA [42] TNNLS 2024 456  47.1 597 312 524 446 281 395 435 494 557 -
SIGMA++ [30]  TPAMI2023 464 451 61.0 32.1 522 446 348 399 445 495 577
CIGAR [36] CVPR 2023 46.1 473 621 278 566 443 337 413 449 485 585 T2V T&V V2T 0 1 2 3 4
OADA [61] ECCV 2022 47.8 46.5 62.9 321 48.5 50.9 34.3 30.8 45.4 47.8 592 Projection Layer of the Domain-aware Attention Module Number of the Domain-aware Attention Modules
MTM [57] AAAI 2024 5.0 534 672 372 544 416 384 477 489 - 58.1 -
AT[31] CVPR 2022 563 519 642 385 455 551 543 350 509 ; ; ° ﬁﬁ&&«?ﬁ X“l‘\ [;lj
SOCCER [5] ACMMM?2024 517 577 686 382 516 475 416 517 511 ; 63.8
DSD-DA [11] ICML 2024 49.0 596 653 357 61.0 465 439 57.3 523 493 52.5 Method Backbone Parm(M) Learnable Parm(M) mAP Abs. Gains
CAT [22] CVPR 2024 446 571 637 408 66.0 497 449 530 525 - -
NSA-UDA [66] ICCV 2023 503  60.1 677 374 574 469 473 543 527 556 563 C%%i[??l] gg'gig gg'gig jg'g :‘6"3
REACT [24] TIP 2024 514 579 674 377 584 528 446 546 531 595 586 REACT [24] 50,815 70812 158 479
DA-Pro [23 IPS 202 4 2. 9  40. 4 540 42 . . 1.4 2. : ' ' '
ro [23] NeurIPS 2023 554 629 709 403 634 540 3 580 559 614 629 AT [31] 39,225 18723 00 479

RegionCLIP [65] CVPR 2022 49.6 550 632 341 556 483 36.0 47.0 48.6  59.1 58.9 DA-Pro [23] 34.834 0.008 559 433
SEEN-DA (Ours) - 58.5 645 71.7 420 612 548 47.1 59.9 575 671 66.8 SEEN-DA (Ours) 36.701 1.875 575 +4.09




