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4 TABLE II A
AB STATE-OF-THE-ART FINE-TUNE LEARNING: TOP-1 ACCURACY
TABLE 1 COMPARISON ON UCF101 AND HMDBS51 BENCHMARKS
STATE-OF-THE-ART ZERO-SHOT LEARNING: TOP-1 ACCURACY
COMPARISON ON UCF101 AND HMDB51 BENCHMARKS Methad Preteain anféi: gmps HI;IPB %;IF
Method Video Class UCF101 HMDBS51 CoViAR [23] ImageNet 25x10x1 59.1 90.4
IAP [9] FV A 16.7 _ CoViFocus+Flow [23] ImageNet 25x10x1 70.2 94.9
HAA [10] FV A 14.9 _ '8 Refined-MV [24] ImageNet 25%x10x1 59.7 89.9
7 TTP [25] ImageNet 25x10x1 58.2 87.2
1?.;’]1::1::[1[11]2] g E—E 19;;98 133 § [P TSN [26] ImggzN:t 16>:< 1:: 1 69.1 943
GA [13] C3D* W N 22'7 ' g DMC-Net [27] ImageNet 25%1x%1 71.8 92.3
: - ' - MFCD-Net [28] Kineti 12x1x15 66.9 93.2
E O2A [14] Obyf W_N 30.3 15.6 S SIFP-Net [29] Kinetics 32%3% 10 72.3 94.0
S | CEWGAN [15] 13D A 38.3 - CoViFocus [30] Kinetics 8x1x1 74.4 95.5
TS-GCN [14] Obj+ W_N 34.2 23.2 CoViFocus [30] Kinetics 8x10x 1 74.8 95.8
TARN [16] C3D* W_N 19.0 28.9 TSN [31] ImageNet 25x10x1 68.5 94.0
PS-GNN [17] Obj W_N 36.1 29.5 AdaFocus [32] mﬂié lfj); 1: 1 69.2 94.5
DASZL [18] TSM A 48.9 - 13D [33] Kinetics 32%x3x10 74.8 95.6
ED [19] (st+Obj) ED 51.8 3513 O R(2+1)D [34] Sports-IM 32x1x10 74.5 96.8
% URL [20] R200 W_N 42 5 28.9 = ARTNet [35] Killct:ics 16 x10x25 70.9 94.3
= | E2E 21 R+D_18* — WN 461 331 E| o Kinctis  16x3x10 732 960
& | DeCalGAN [22] (R(2+1)_18+0bj)* W_N 514 36.1 TEINET [38] Kinetics 163 % 10 71 967
DKD VisualTransformer W_N 67.64 45.34 TEA [39] Kinetics 16%3x10 73 3 96.9
\_ DKD Kinetics §x1x1 76.26  96.96 Y
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